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Do children “inherit” their outcomes from parents?

Today

Model of intergenerational mobility

Measurement

Mechanisms
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Model of intergenerational
mobility

3



Simplified Becker and Tomes ( )

2 generations: parent and child

Parent earns  and chooses  and 

Child receives  and other income 

Cobb-Douglas intergenerational utility

1979

yt−1 Ct−1 It−1

yt−1 = Ct−1 + It−1

(1 + r)It−1 Et

yt = (1 + r)It−1 + Et

max
It−1,Ct−1

(1 − α) ln Ct−1 + α ln yt
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Simplified Becker and Tomes ( )

FOC wrt :

Plug it back to budget equation of child

If 

1979

It−1

It−1 = αyt−1 −
(1 − α)Et

1 + r

yt = α(1 + r)


β

yt−1 + αEt

Et ⊥ yt−1 ∩ V ar(yt) = V ar(yt−1) ⇒ Corr(yt, yt−1) = α(1 + r)
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Simplified Becker and Tomes ( )

Suppose , where  is endowment and  is randomness.

Endowment is passed down the generations: 

Assuming  is stationary,

where .

1979

Et = et + ut et ut

yt = α(1 + r)yt−1 + αet + αut

et = λet−1 + vt

yt

Corr(yt, yt−1) = δβ + (1 − δ)
β + λ

1 + βλ

δ = α2σ2
u

(1−β2)σ2
y
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Simplified Becker and Tomes ( )

Intergenerational correlation

Even the simple model highlights important channels:

Importance  of child’s future earnings on parent’s utility

Return to investments  (e.g., returns to education)

Strength of intergenerational transmission of endowments 

Magnitude of market luck relative to endowment luck 

1979

α

r

λ

δ

The Great Gatsby curve:  (more inequality)  (lower mobility)↑ r ⇒↑ β
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The Great Gatsby curve

Source: Figure 1 ( )Corak 2013
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Simplified Becker and Tomes ( )

Limitations

Revisited in Becker and Tomes ( )

→ Bequests of financial assets

→ Assortative mating

→ Fertility and intrahousehold allocation of resources

Arbitrary functional forms

→ Additive  and  imply offsetting

→ Mixed evidence in data ( ; 

)

1979

1986

It−1 ut

Pop-Eleches and Urquiola 2013 Gelber

and Isen 2013
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Measurement
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Basic framework

Simple regression (ignoring process on endowments)

where  and  are log earnings and  is IG elasticity.

Data sources: cross-sectional, panel, retrospective?

Permanent vs transitory earnings

Measurement error

Interpretation?

yt = βyt−1 + ε

yt yt−1 β

Challenges
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Measurement error

Source: Table 2 ( )Solon 1992
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Measurement error

Using father’s education as an instrument for father’s single-year earnings

Source: Table 4 ( )Solon 1992
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Permanent income ( )

Source: Table 4 ( )

Mazumder 2005

Mazumder 2005
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Lifecycle bias ( )Haider and Solon 2006



In this case, IGE elasticity estimator  is

inconsistent:

where 

y
parent
a = μayparent + v

ychild
a′ = λa′ychild + u

β̂

plim β̂ = βλa′θa

θa =
μaVar(yparent)

μ2
aVar(yparent)+Var(v)

Source: Figure 2 ( )Haider and Solon 2006
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Mechanisms
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Mechanisms

Black and Devereux ( ): recent studies focus on causal mechanisms

genetic endowments

family environment

institutional environment

2011
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IG mobility and schooling (

)

School reform in Finland 1972-77: selective  comprehensive

Source: Figure 1 ( )

Pekkarinen, Uusitalo, and

Kerr 2009

→

Pekkarinen, Uusitalo, and Kerr 2009
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IG mobility and schooling (

)

Pekkarinen, Uusitalo, and

Kerr 2009



Standard IGE elasticity regression

Effect of reform on IGE elasticity

where  indicates if reform in municipality 

affected cohort .

Substitute  into  + main effects

log(yson) = a + bjt log(yfather) + e (1)

bjt = b0 + δRjt + ΩDj + ΨDt (2)

Rjt j

t

Eq 2 Eq 1

Source: Figure 2 (

)

Pekkarinen,

Uusitalo, and Kerr 2009
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IG mobility and schooling (

)
(1) (2) (3) (4)

Father's earnings 0.277 0.297 0.298 0.296

(0.014) (0.011) (0.010) (0.014)

Reform -0.063 -0.019

(0.012) (0.021)

Father's earnings x reform -0.055 -0.069 -0.066

(0.009) (0.022) (0.031)

Obs. 20 824 20 824 20 824 20 824

Cohort FE Yes Yes

Region FE Yes Yes

Cohort FE x region FE Yes

Source: Table 3 ( )

Pekkarinen, Uusitalo, and

Kerr 2009

Pekkarinen, Uusitalo, and Kerr 2009
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IG spillovers in education (

)

Reform in Norway: compulsory edu 7 

9 years

IV approach

Limited IG spillover of school reform at the bottom

Black, Devereux, and

Salvanes 2005

→

E = βEp + γX + γpXp + ϵ

Ep = αREFORMp + δX + δpXp + v
Source: Figure 1 (

)

Black, Devereux, and

Salvanes 2005
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IG spillovers in education (

)

Expansion of Finnish university system in 1955-75

Suhonen and Karhunen

2019
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IG spillovers in education (

)

Child's years of education

Full sample Grandparent nonmissing

OLS IV

(1) (2) (3) (4)

Mother-child sample

Mother's yedu 0.345*** 0.522*** 0.540*** 0.697***

(0.004) (0.133) (0.143) (0.120)

F-stat (IV) 4.1 14.2 21.3

Obs. 1 239 331 1 239 331 1 239 331 628 230

Father-child sample

Father's yedu 0.305*** 0.400** 0.535*** 0.612***

(0.003) (0.161) (0.171) (0.143)

F-stat (IV) 3.7 12.7 19.6

Obs. 1 195 008 1 195 008 1 195 008 710 677

Suhonen and Karhunen

2019



Child's years of education

Full sample Grandparent nonmissing

OLS IV

(1) (2) (3) (4)

Additional controls Yes Yes

Source: Table 7 ( )Suhonen and Karhunen 2019
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IG mobility and neighbourhoods (

)

IG mobility varies geographically ( )

Source: Figure II ( )

Chetty and Hendren

2018a

Chetty et al. 2014

Chetty and Hendren 2018a
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IG mobility and neighbourhoods (

)

Geographic variation in IG mobility may stem from:

selection into neighbourhoods

causal effect of neighbourhoods

Do children moving to higher mobility area have better outcomes?

Endogenous moving  exploit timing of move

Chetty and Hendren

2018a

⇒

Selection into moving to a better area does not vary with age

Identifying assumption
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IG mobility and neighbourhoods (

)

Source: Figure IV ( )

Chetty and Hendren

2018a

Chetty and Hendren 2018a
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IG mobility and neighbourhoods (

)

What makes neighbourhoods generate good outcomes?

1. Segregation ( )

Racial and income segregation  lower upward mobility

2. Income inequality

“Areas with greater income inequality generate less upward mobility”

3. School quality

 test scores,  school dropout rates,  # of colleges per capita

4. Social capital

 participation in community activities,  crime rate

Together explain 58% of variation in CZ causal effect

Chetty and Hendren

2018b

maps

∼

↑ ↓ ↑

↑ ↓
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IG mobility and genetics ( )

How much of IGE elasticity driven by nature vs nurture?

Extension of standard model:

genetic transmission and assortative mating

skill transmission: genetic factors, parental investments, family

environment and idiosyncratic events

Minnesota Twin Family Study (income, skills, genotypes + parents)

Rustichini et al. 2023

28



IG mobility and genetics ( )

Source: Table 3 ( )

Rustichini et al. 2023

Rustichini et al. 2023
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IG mobility and family (

)

Quasi-random assignment of Korean-born adoptees to Norwegian parents

Dep var: child net wealth

Adoptees Non-adoptees

Parent net wealth 0.204*** 0.548***

(0.042) (0.018)

Obs. 2 254 1 206 650

** p < 0.05, *** p < 0.01

Source: Table 3 ( )

Mechanisms:

Fagereng, Mogstad, and

Rønning 2021

Fagereng, Mogstad, and Rønning 2021



not via parents’ education, family income, or location

children’s education, financial literacy, direct transfer (overall 40% of )β
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Multigenerational mobility (

)

Typical regression of parent-child pairs

Similar estimation across  generations

Colagrossi, d’Hombres,

and Schnepf 2020

ln ychild = β−1 ln yparent + ε

k

ln ychild = β−k ln yk ancestor + ϑ

Iterated regression fallacy: β−k ≠ (β−1)
k
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Multigenerational mobility (

)

Source: Figure 2 ( )

Colagrossi, d’Hombres,

and Schnepf 2020

Colagrossi, d’Hombres, and Schnepf 2020
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Multigenerational mobility ( )

Possible explanations of iterated regression fallacy:

Stuhler 2012

Latent endowment

yit = ρeit + uit

eit = λeit−1 + vit

⇒ Δ = (ρ2 − 1)ρ2λ2

Multiple endowments

yit = ρ1e1it + ρ2e2it + uit

e1it = λ1e1it−1 + v1it

e2it = λ2e2it−1 + v2it

⇒ Δ = −ρ2
1ρ2

2(λ1 − λ2)2

Grandparent effect

eit = λ−1eit−1 + λ−2eit−2 + vit

⇒ Δ = (ρ2 − 1) ρ2( )
2

− ρ2λ−2
λ−1

1 − λ−2

(1 − λ−2 − λ−1) (1 − λ−2 + λ−1)

(1 − λ−2)2

Parental

investments,

bequests,

etc.

Other

explanations
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Multigenerational mobility ( )

Current individuals in Florence  ancestors in 1427 based on surnames

Source: Table 3 ( )

Barone and Mocetti 2021

↔

Barone and Mocetti 2021
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Multigenerational mobility (

)

Horizontal approach: Grandparent-grandchild  cousin-cousin

blood relationships: intergenerational processes

in-law relationships: assortative processes

Swedish registry: “up to 141 distinct kinship moments”

Source: 

Collado, Ortuño-Ortín, and

Stuhler 2023

→

https://xkcd.com/2040
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Multigenerational mobility (

)

 and  measure direct transmission

 and  measure indirect transmission

 is white noise (market luck)

 is white noise in latent factor (endowment luck)

 is shared sibling component

 is latent sibling component

Collado, Ortuño-Ortín, and

Stuhler 2023

yt = β~y t−1 + γ~z t−1 + et + vt + xt + ut

~y t−1 = αyym
t−1 + (1 − αy) y

f

t−1

~z t−1 = αzzm
t−1 + (1 − αz) z

f
t−1

β αy

γ αz

ut

vt

xt

et
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Multigenerational mobility (

)

1. Indirect transmission dominates direct ( )

2. Shared sibling component  explains ~5%,  ~ 15% of 

3. Spousal correlation in latent factor  in

observed characteristics

Collado, Ortuño-Ortín, and

Stuhler 2023

Men 0.144 0.664 0.389 0.660 4.648 1.975 2.072 0.180 0.657

Women 0.129 0.566 0.018 0.775 4.465 2.333 1.559 0.244 0.712

Figure 1: Source: Table 4 ( )

β γ αy αz σ2
y σ2

u σ2
z σ2

x σ2
e

Collado, Ortuño-Ortín, and Stuhler 2023

β < γ

x e σ2
y

0.754 = ρzmzf > ρymyf = 0.489
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Summary

Vast literature on intergenerational mobility

→ Earlier works concentrated on measuring mobility precisely

→ Later works focus on determinants of mobility

Improving access to education promotes mobility

→ The effect may spillover to children

Geographic variation in mobility; largely causal

→ Lower segregation, inequality, better schools and social cohesion

Genetic endowment and assortative mating important components

Multigenerational mobility slower than predicted
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Head Start and absence of offsetting behaviour

Source: Table 2 ( )Gelber and Isen 2013
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US Racial Dot Map

Chicago Sacramento

Source: US Census Bureau


